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125 applied to the Xenopus frog embryo dataset.
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Figure 4. Mask R-CNN framework
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Mask R-CNN (regional convolutional neural network) is a two stage framework that begins
with an image scan and generates proposals then end with classification and box generation.

The backbone of Mask R-CNN is the Feature Pyramid Network + ResNet 101.

ResNets facilitates the training of deep neural network without suffering from degradation in
performance.

Figure 4 illustrates instance segmentation using a function called “RoiAlign” in Mask R-CNN.

= The raw image dataset is been provided by AGGRC. We used VGG Image Annotater to count
and classify frog eggs in each image to train the model.
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Figure 2. VGG-VIA Tool

= VGG Image Annotator (VIA) tool was been used to label each embryo in the images as
fertilized (1), marked in blue, or unfertilized (0), marked in orange.
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